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1.1.3 ERHY X7 L

ALPAC LR— Tl [2BELFER] L) dERICHVHELZHE L T\
W, Bz X, B B EHRINEDB X OEIRIERE (assimilation) TH 554,
HEREBREETH> TORMELRVWZ L% v, F7-, FIERBICE A 0ED
WAL E NS £ TITTEE D ALIE, MREIND 2 L 27 lMH LTz, Systran
X, BROOBEH Y AT LD—2THY, 1970 FICFEIAEMENTAT 2 1) A 225
~NA SN, ERIUES X ORI TR ST s 200, 72, 1976 412
1% Systran OFEALFEWHFER S EC ZB 4 GREOKINERS) ~WASh, #
DBEFETHEEIANEEEENT WL, TA) HZEELRLY, IHIRIEET
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CETHRL TS,

W DTEEZ B 22 EEIRR ~ 2 7 2 O FHIIE METEO T ), £ k
A= VRHFO TAUM 70 Y =7 b TRE SN 23848 X OMLERRY A7
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TERE MR ER L, 1976 F L VERZRABL TS,
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1980 4EAU F TO EE R EMEER OWIE % X SR F I 2 A 2 2RI L Tz
2, WIRTF=4 %L, i)V —ADPRET L0, 751D CFiE
PIFELAIZIY ANSNE L% 5, 1981 121, 7Y — 12 L A HEMEIER
PRIE S, ML, EEFHO AT L TGEWIRILERER L, € Ofl
XD EMEEAT), Lo R TERSRZP), S L3 HORBIC
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SNTVDA, EBROERZEE 1980 FAEBELSHE > TV b,
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DF FHEELZY, Candide ¥ A5 29 & L TR OFEHOHMEEIR (statistical
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MBI OIERIZ, 12ZZ20F F, ARRICEDS (BMBRROER L b v, &
EPT RSB TS T ST ATEMIRESN, VT TH EELEME
RARELTHH I TV, 7, BERROEL S i L, RN LFE
DWTHINT %,

1.2.1 EZEOThEFMEROEL &

BWFRDS#H LWEKEZ, DL—STTewsdk, AUEN (BW) 22
EHLLTVBLIIH22bo T, SHEFRLELERLLIFNE LTS
59, HWEP13F LI Lo Thb, 2F 0, B L SEOEHIERE
+CiE, SFSELTNAD L, WiEL HAFEOFRE Z 27254, DFo X
) BTNHHFAET 5,

(1) @BREETH  HEOTERIIERS ), 14 1S L%
VW, EEE AARFEMOBIZ 2T H L, DTObDHH 5,

(a) & % B  WECE, WUECTLEROEEE LD, SREIH
T 5o FHFE “bank” P dDH L TH S, “bank” 12k [HA7] L v Bk
ETEFR] v, RIERTOOFEEIGET 5, HAREICLAZL XL, £
5OREEIRT 2 0003, HEFEOEEEBHRMAE (word sense disambiguation)
DEETH 5,

(b) HEDEL 7k 2EEIPETE2ELTY, BEHELHNEE
THFEOKEVSER LR LGEDRH 5, Bl Z21E, “rice” O HARFERIL, L lLd
(k] T8 TR O=2o0FHET S, D55, K] & (R oz, %
HDYY—F AD—HETHH WordNet™ 120 B 2558k LTEHENT
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T5] & ROERL] OBKRPSD S, [RITT5] 25 “fy”, [ROPRL]
%5 “ump” IZLRITRIE%R B R,

INSOEWE, EIIHWSEE,» O AR SHEOEREREE2zLEE L
TWhHIZEEHELWV, 2056, FBEWNZR LT T 7201213, BRERME
RHETHEDN TR T L — L4 (p15B) R EOFHAIERE %5,
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ST AUEDNDH L,
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H: fEIZIE~,

WAL F e M 2 EF L LTEDNIIGEL, BIF (0] 4o T, #

IBE ) 2 R S T2 T E R 5 2y,
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H: EOfH

(3] XEBENTH PEE e LT &3 CIEAMT 2 eI, HAER

FRLHFETIH TR L HMWREDOMNEL R 2L L 0) bOVH L, EFETIEFE
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T3 FFE, HBRE, B W) HF TR EIND Z 0%\, LT, B
A IEL CRIRRT 27200 T2 <, FRIES A L 2\ EIE L WEIRRIZIE 2 5 v,
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B2 5 O ETHEZXT 5, 2% 0, EHFETIE, EFFOML
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MRS DO LA TR T 5720101, HLOFEHmPLMEIZOWTH LR L 4
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(1) HAFEIZIE, “the”, “a” X)) BEWAIEE L BWcoH, HEFMREZAT
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(2) WMo, FIECEBEEAD R <, FOTRET) B N E b
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(3) HAFETIE, EFFOEMIIILBIIIE T 5o KR TIIEFEPLHETH 5
72, HEFROBIIZTFEEZH O LEND 5,

BRI IZAT S 720

%: I want to go to an amusement park.

(4) FFREOHETYH, EIFFSRP BN LE» TRE XS 2550
bo BlzIE, T8RS AL OFUZ “Mr. Suzuki” 2 “Ms. Suzuki” 2213
WInTH o,
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latent variable 30
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likelihood 64
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linear BLEU 243
linear interpolation 66
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linear programming 119
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lossless compression 76
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loss function 230
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machine translation pyra-
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MapReduce 258
margin infused relax algo-
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Markov model 85
maximum entropy 117

maximum flow problem 120
maximum likelihood esti-
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meta evaluation 57
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parsing 11
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part-of-speech tagging 11
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Pearson product-moment
correlation coefficient 57

pegged alignment 97
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perceptron algorithm 251
permutation 212
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phase-based machine
translation 4
phrasal ITG 216
phrase distortion model
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phrase ITG 216
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phrase structure analysis 11

phrase structure parsing 11

phrase table 129
phrase translation model
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position independent
word error rate 49
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posterior regularization 112
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Powell 232
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ture analysis 12
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quadratic programming
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solver 119
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SMO 240
smoothing 66
SMT 4, 27
softmax loss 237
source vertex 167
span 199
span pruning 219
sparse feature 249
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stack 151
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syntactic transfer 10
syntax-augmented machine
translation 182
syntax-based translation
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TAG 24, 193
tail 143
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translation memory 19
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Vauquois ® 874 7 > 7
9
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word error rate 48
word sense disambiguation
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